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Given a sequence of noisy sparse or partial point clouds as inputs, denoted as {Pt}le.

L N .H Our model outputs continuous mesh sequence with fine details, denoted as {M'}{_;.

(a): The initial input frame P! (top left) is used as condition in Shape Vector Set Diffusion,
yielding denoised shape codes S for reconstructing the geometry of the reference frame,

ML(top right).
(b): Concurrently, the subsequent input frames {P*}.,, (bottom left) are utilized in the

Synchronized Deformation Vector Sets Diffusion to produce denoised deformation
codes {Dt}fz2, where each latent set D! encodes the deformation from the reference
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! | frame M! to each subsequent frame A1. v
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